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ABSTRACT

The Relationship between Data Governance and Organizational Performance:
The Mediating Effect of Explainable Artificial Intelligence

Madeeh N. Elgedawy
Institute of Public Administration, KSA

Purpose: This study uses explainable artificial intelligence as a mediator to examine
how data governance affects organizational performance.

Study design/methodology/approach: This study belongs to descriptive analytical
studies, as it helps in analyzing the phenomenon under study, describing its variables,
and determining the relationship among them.

Sample and data: This study relied on a random sample of 384 IT executives’ famil-
iar with artificial intelligence techniques, and the data was collected using an elec-
tronic questionnaire.

Results: The results showed that explainable artificial intelligence plays a comple-
mentary role in the relationship of data governance to organizational performance.
The indirect impact of explainable artificial intelligence as an intermediate variable
was (0.144), and the direct impact of data governance on institutional performance
was (0.452). In addition, the data governance variable was able to explain 40.6% of
the change in the explainable artificial intelligence variable.

Originality/value: The effect of explainable artificial intelligence as a mediating
variable between the independent variable (data governance) and the dependent vari-
able (organizational performance) has not been measured in previous studies, as far
as we know.

Research limitations/implications: Human limitations: The study was applied to
a number of IT executives who are familiar with artificial intelligence techniques.
Time limitations: The study was conducted within a specific period of time that lasted
four months. Scope limitations: The study was limited to three variables: data gover-
nance, explainable artificial intelligence, and organizational performance.

Keywords: Data Governance, Explainable Al, Organizational Performance.

Published by the Academic Publication Council of Kuwait University. All rights reserved.

To cite: Elgedawy, M. N. (2023). The relationship between data governance and organizational perfor-
mance: The mediating effect of explainable Artificial Intelligence. Arab Journal of Administrative Sci-
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